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Abstract

With the advancement of artificial intelligence-based technology, conversational Al speech processing technologies
such as chatGPT and Gemini are widely used. However, performance degradation in speech recognition continues to
occur due to persistent noise in the user environment, irregular pronunciation, and recognition problems for
consonants. In this study, we suggest a way to improve speech recognition performance using improved Silence
Feature Normalization (SFN) in the method of training an artificial intelligence learning model for speech recognition.
In this paper, the recognition rate is supplemented by taking advantage of the feature distribution characteristics of
speech and non-speech at low SNR, while the noise has less effect on speech features at high signal-to-signal ratios.
To evaluate the accuracy of user speech recognition in noise, the accuracy was analyzed using the Noise Reduction

Rate and Pause Hit Ratio (PHR) for SNR, and an improved recognition rate was confirmed.
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