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LILM-based Methodology for Measuring MD&A Disclosure
Quality and Its Application to Credit Rating Prediction
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Abstract

This study empirically examines the role of MD&A disclosure quality in predicting corporate credit ratings using
Large Language Models (LLMs). Disclosure quality of listed firms’ MD&A sections was quantified across six official
criteria and overall length from the Financial Supervisory Service guidelines. Repeated evaluations ensured consistent
and interpretable scoring. Regression results showed that “Financial Status and Business Performance” and “Length”
had significant positive effects on credit ratings. In binary classification, the XGBoost model with disclosure quality
variables achieved the best performance. It improved F1 score by 9.6%, recall by 8.6%, and precision by 10.0%
compared to baselines. These results confirm that unstructured textual information strengthens credit risk prediction
accuracy. LLM-based evaluation further enhances efficiency and precision in disclosure assessment.

Keywords
MD&A, disclosure quality, credit rating prediction, large language model, machine learning

* s tistal 4 FAA T A - Received: Oct. 29, 2025, Revised: Dec. 17, 2025, Accepted: Dec. 20, 2025
- ORCID'": https://orcid.org/0009-0001-7368-9967 + Corresponding Author: JooHee Oh

- ORCID?: https://orcid.org/0009-0005-0534-6558 Dept. of Management, Handong Global University, Korea

- ORCID®: https://orcid.org/0009-0009-8966-3890 Tel.: +82-54-260-1420, Email: jooheeoh@handong.edu

o QEUS ARALE DHEAAR
- ORCID: https://orcid.org/0000-0003-0850-0256


https://crossmark.crossref.org/dialog/?doi=10.14801/jkiit.2026.24.1.47&domain=https://ki-it.com/&uri_scheme=http:&cm_version=v1.5

48 LLM 719 MD&A A 2 &4 W23 A4S oS 24

LM B
7199 A He Adxg HE, oF A
A, 71 elvl ﬁé* o AdEE ddAd A

A
2 7% Lu} E3]

Gafok 39, U A|REAALRE B xﬂfz
At TEE7|E . ol #8471 /\Vo
A% setow ojojd, FIH R 71gle) A7
A2k 7]._./\437,]. AEH = HFGX_‘L] aekS wE 4
ot wekd 719 A8%
o= o}i A 918 AEE :T_#%}Eﬂl% ANEs A
FHoz} SHEHo gy 23 B Wolgink

29 AEEF dE ATEL F2 ARAE
7Ike]l g HolHE T 5

o] Zscore RS AFOE toFet A we B
AZIY, 283 HIdde mAed 7 289
dEEol NLHUAT, o2 F= A FAE

Aoz s A9l B, 198 823 o
]a}] Az = =

K
SRS AY SR BEE 2BE] TEE7] o
ofol] we} HToll= AR E LA
At @ BAAMDKA)H 2 vAY g
2 E_o,] g 7].‘~/\40] ZEHH—V_ 9}1:}. MD&A=

%&%ﬁ, z3zoz
VNEshe FEOR, ARETA T FY8A A9
o #ol @1 A& TA 9 o]u} o]am Ao

AoH, RN S A5sh= NeRE

32
=

[‘FI %0,
re
ok
e

T olgd dAE FH3IA, HE vA
g H2E &4 FoplA FH e Uy ¢l
ZP(LLM, Large Language Model)S 83}
MD&A SANFEE Aso 2 AFsshe TS A

Qkett}. 53] g4=dol AN 67H MD&A 2
4 fﬂd 7199 &5 AE(Degree of
compliance) & AHFHOZ H7lsta, 0] 7|Rko =
LLM 7]4k ““/‘]Fé ArE B34 97 34
oA FAG ZAE WHAHCE FE5, WHE BT}
g 5 Ay 9B MY e =dve
HelA 71E A7 APEEE Adth

AAR, B AT duF BAd w29 A4kt
E(SIZE) B+ vg, Yol E(OM) B¢ HlEh =
© FAHE(TDL) B 23 7IHEE 7Y &
AR AIF ARARE 7H AT t%&i B a4
ol A A¢ket LLM 715t MD&A */\l 2 A4E Hl
WS W, ANFE A7t =
& A&5wol 184 &L 719 @%011 Hlel FE

Credit Rating by Disclosure Quality
(Firms with Similar Financial Health)

Avg. = BBB-

T T
Above Avg. Below Avg.
Disclosure Quality Disclosure Quality

T2 1. SAER e MUESE Hl

Fig. 1. Comparison of credit rating by MD&A



Journal of KIIT. Vol. 24, No. 1, pp. 47-56, Jan. 31, 2026. pISSN 1598-8619, eISSN 2093-7571 49

Hko] W7l MD&A A
AR 23 A3 2
d7e M= 283ty F8454o] a7d
Ao =l tig 719E
M- g7kt o] AAolAM e
E 7|5 oEN AR 34
HHE grlel g AEL E
AdA =g FESIT ol %
HAEE AAAOE AHugdlsto 7
AHEAE B2 A

B =5 Agd, d748A, Hald A5
131 @i_,] (_\/ﬁi :rL/\-lguz] ;H/H;HE 7]H /L]
7H 71E8A%3 7o ThsAE BTETh

e~

B E oA o

kiﬁ
o
(Y
% 0
2
s o

N
off

ox

2 g
[o |

o oy
ol
oX, oX

< e o M B
=

(2

o

Nl g
£ iz (o Mo

rhrld

td

o‘f.‘.

4], °1F o Ed2 ngtt FERY THeR
SAEHM AEd AR 7Fe] HAU o]F
ARZ-GEH e V& BAY WHEY dAE B
&317] Yo @e T 2~ERandom forest) 715
Aed 7IHe E98 AE5E dF Ase I
AFHAL, W P FeAed Adgde wiste
mdo] FaAHS ASsIATsolEE S A2
A 7Hsd 3 A S (Explainable Al)S &3+ o
ZRYPS AQMEHHA A SHE ofe} 34 T4
B AT AL 7FeA =3 SRsA sG]

ol AFEL A85H dZA ¥ *xw
HOl F8&4e AFAAT, AEX9 A, w
A, P23 U4 5 43 5

7|E @{L—% gsted, MD&A B4 HAEE AF

Fgeas g

7149 FAFEE ARANIA 719 A=
4, AEAGA $E& Frkske 34 a4
olorg-AdELE 7139l MDEA A

% I Az vl o YTE

Ulidﬂ}h He @%6}09031[ ], MD&A7} T3

-

P P T VI B
8w 2 dnE F1202 MDEASl B
P9 BW PAjo] Aol BT 154, 1o
B EAA A4 golgel WAL YL B
o7 AT BE, MD&AS) A w4
% /1% 42 Ak ARAD, Aol 35
A9 A2 44T 5 Uge nolz,

T ol H ATES YRR A Sl
B} WA o)Es }5_7 slo] F5W Huo Tz
Qe YRS WA o BAV Qow, 3
el WA, AT 48 FReHolE Actel 9tk
g AtE oleld WAE FESLA, FAEAL
uoh PEA0l3 JRd J|EoE JYselels 4
2 AEs

23 LLM 7|8t BIAE e} 2te dalody

AT 08 dol=LLM)S] WAL F§ Hofel
HAE H2E 40 A2E beAe AN
k.

J. Jang and X. Wu[8]= 719¢] MD&A ZA H|
2EE LMo U8l toneS AT T ofd
2 2EQ] o] otet Hluste] H2AE R0
AR o8-S Adue A& AT o] ¢
T H9E MD&A ZAAE LLMo] -ofu|st
ARE FE2Z F US5S HYE 27| AEE
LLM®] HI2E 34 7bsAS A A8t

X. Li et al[9]S ZEZE 7|d LLMS 8319
Give Me Some Credit Hlo|EJM ] F%3}H A& f



50 LLM 719+ MD&A A1 ¥4 34 ¥

rf

Bl

o

o|HE Aol RS & 489 3
31t} DeepSeek-rl-distill-llama-70b
o =& AYUZO0INE
Random Forest, SVM, MLP & %3
A3 vl BAe s8It 53] SHAP #4&
53 A8 o] &E(Revolving utilization)Z} A o]&
o] 71 T3 oS WS gelstion, At
2 F¥(Adversarial training)°ll 4] LLM3} XGBoost”}
A S B LIMO] ©AE F8 Aol
A7 SN HMEH Eduts mds B
& F USE AAFEAT

Y. Lee et al[10]2 71 Al&57IolA nlA 52
A ARE 7N R Fx3kE FES A
EE 7i 05 do]HE A 2EI(KPD-MADS)S 7Y
ST Karl Popper®] Bl sl g )¢ =0
719k 109HA F5AE ZRESS B, 9Y
OJFHE AlzEl thr] HAHA AYY(TYE 40 vs
3.00% A84 AL 7540 vs. 3.0)004 gt
PJr7FE uekom 4% H7H1920%) thHl oF 95%2]
AZF B391.97%)S AT
U. O. Ogbuonyalu et al[11]< LLMo] 23 ]~
mdo A A W, 14 ArUAold, &48H]
of 4, &% W& T tde HIBY toHE
Meto] 2 P53 AlE=o] it sz
A & e 228 YHE AA
JPMorgan Chase®] A|¢FA £4 2538361t
A 4 22 ©@=), Goldman Sachs®| AZ
B4 Capital One®] 5 7|8k 418397}
AIE Fall, LMo g4 9% Fges

[elne Br
AT dE E£83

o=

=
T

M
o M

2=
e
&

5
=
A5

)
o

f
2490, XGBoost,

s &

ofr
o

)
f
2
-
>
v}
C

¢

In

pANCR

N T

3
=
‘51-_
o
=

e,
ol =5 >~ ol
oy A 2
i og E —g‘

of =
(R [had
of
ol

B+ 7t

ol
o)
=,

L

o)
[
1

r2
-

12 R ANt 4T fe O

1

2 [
yo, I

Hr oo
e
lo
N
ox

[0 N

2z

2
o
s
)
=

=
EZRH A #4 %3}
stel dolHeY &7/ AXs= o 2H
ZFa 9tk 28y MD&AS] 'FAIEA AHA,
A EM7F A 71Ee drid $A8 E4st
5 FH7E Ao Ed R AAHGEA
LLMS 83t AqAFH oz HFslg AFE o}
7 A=E b gtk B AT ol A

b

X
e

o]
=

o, > N
o o M b gy
tlo

o MO > ot

]

ol

£55 d

lo 1
(o
©
Y
>
(St
,O‘\
A
g
>
N

o HN

o
i

>
oo
ol
el
I\
b
ot
=
=
2
ol

of
>
e
i
oxl
57
i
A‘—i
ol
1
(o
i

U
o

S
>

2z

2

r <o ol

A

)

)

b o o
iy
2

oxl of
Bl >
S
1%
(&l
=
jakss
(24
Hu

. o1&

o>
b

3.1 Hlo|E{ !

T BN AA7AEEHE ADE t
AN 71% MD&A H2E 9 A

Z2&WM5E AAste 2SR o)y
F RS F AT EAES MD&A FA BRI V]
Qo) g AgEe vHE GFe By s
stekaty] Yfstoltt. EOJEIE FnGuideSt H4754
DARTIM FRBHATHI2I3]. AEEFE AAAY
B D7 219A1E 0212 wasigon], o3t
A NEEF ) AYA Aols AyHow
A3t AR GolshA BEE] AT 2K
°oitt. AF W= 71dTFE(SIZE),
(TDL), Folol&OM), AA7HA vl AE7}A]
8l &(MB), ¥l AH(DIVP)E AHE3ITHG. H. Lee
et al[6]). FAHALE, 7|YHFESIZEE AARIE
Ha A7FEdoz, 7|9ge AwbAel Rt Al

(
-

i



Journal of KIIT. Vol. 24, No. 1, pp. 47-56, Jan. 31, 2026, pISSN 1598-8619, elSSN 2093-7571 51

FFHEE oy FHRAHHTDL)S FHAE Astal, s W7Fe Sl 4 FEER 04l 63
402 Y oz 7199 AT gugA o A A4 Roisey. 1Y 3% LLM %7}l A
o

B 48 5EL et ol OMe 9 §8 ZgxEY dAE HojFTh E3, MDIAY
Qolog BlEAoR e gro®, A%e] 94 9 F U sol Ad=E A BAS 4 244
H &5s T FAES FUT AR din| ?l Length' MFE AASIAT ol AdATINE
zo o

7 GBS AR SRR 0 AR BASES B8N 289 B Ao
= g0z, J4el 44 At Age e

g3t npA o 2 Hig o (DIVP)E WY AF SIS AQIE TR IV, 0[Ae| ZHAT U EHOIAMDRA) SIAES 24
- st BE7jelLC,
75 Ueidle dul WsE, 71999 AFA 4 Of2f 671K] 2120l CisH 0~6HOR 1811, 2 T2 B 019 E 21EHs] 4
SBIEHR.
A 77 2 S Ao AR IR OIS SOl JIR, KISAT 9 SN, K54 U XBEY/X
MD&A HAEE Python 2|2 Es 243 A i
DARTOIA FAEH3 F AAsAoH, SAEH 1. Of&E Tl
) 0124 0125 At T8t Al, OIS01 SEH4 0| LIZEIO] 2100f ALK Zatet f
W7F= LLMS! GEMINI 2.0 Flash Thinking T=2-& £ 2 It 39] 297} B ISR
g8t sttt 3" 2 2 A9 MD&A 2,918
= 5 . B B4 BT 44 LIS XIYBHD, MDSA A LIS 5 84 ARE 2
HAE /\;g o ZAZA A Ao HA Y2 %iﬂﬂé?}??u It 255t |18 & e AF
Zoos 2o 2% 7} wa SIAfS] A3 B0 ASSIE 2R HAKEO]: $ULHE, 71:0[0), AR,
SETE RS o= 71E 7k el HAUTHH, IZ0TU|S 5)E RIAISHD, 1 WIS UL} v oIS Hefst
]H ]Z_].‘JJ' LZ:II X]_-L -1-__1_9] ?_1_'7:"2 :L-‘-;-]‘o_]__ EH Bt Y
Fo| "H2E ©olHE Hoh d#zoln AR &=
71Eo® Wkl SAelth Egh dukz<l Q213 mE=e ofA
GEMINI 2.0 Flash R2HT} FE A%o] Z3td Fig. 3. Example of the prompt
Flash Thinking 22 &-&3sh= Zl0] B7te] &4 )
I AT WA T S48 ARE B ¥y} LLM H7te| da4g3t AEE grstr] s,
J1Z2e 2= @A kol 2y LR SOIHATTER temperature #0302
o|Abo] AYAt W BAMoA = e 13} AA3HA . Temperature= 0|4 2 Ako]] Zh& 7}
gt} o] NAE MD&A EAY B, wagoer AP, &l S4F O FH|L Al £ &
o e Telm A4 9F 2o wgAsm Qo = 0 He AU AT AFelMs Bk Ju
AEDS W) A AP gde 2AR Az B AR JeES FASE Hlan R gew
. ol Wk 67} WE o]t Zgzeg ¢ 2ESA:
N
( ) (LLM (GEMINI 2.0 Flash Thinking) il i
@E M Gemini @
Crawling
¥ Prompt Build DataBase
2
MD&A Text ¥ Knglysia

o= | @®  FSS MD&A Guideline 2o
O= MZ 6 Features Scoring _uﬂﬂﬂ
D . ;oc«nlmhvmuwncnuhon . I.-q idity & Fin,

——

ing
Off Balance Sheet Transactions

y
« Financial Status & Business = Other Investment Decision
— PorTerits Matters

\ /) . VN J

% 2. MDA HIAE 3 & ZAIEZR Mgt oty
Fig. 2. Workflow of the data collection process



52 LLM 7I¥F MD&A 34 #4 34 BHEFH NE57 A3 A&

T3 ZF MD&A &5l thal 203] ©]/de] whE 3AEA AIE | #=), MD&A 3AFE =
Bhe wdstel B AE AT AR ARt 0 ARSd 2 d9LHB-054, p=0.029)%
Ak ol WHE Hris LMY $E4 EAOR MD&A®] Fd ZA EZF(B=0.55, p=0.023)°]
A% H7h WA Ao, B HE A s) AESEH FAHOE fud kel B
& mES] A2 B4 o AR W g geplin ot /190l MD&AE B3 £, A
Wb A% FEE Mo ZEURA} B 8% o A A A U 9E 22 So tis] g AlA
Aaste] Wk S FAMCE AR Aoju NG Hwe A=A, 18n FRe
CHIE 4). &7, LIMO] 7 F5& B718 W Al gue g2ai=x7t 952 Aggstea 4=
AR A OAE WEHOR AHSIES AASS Nse 2e3e 798 AR 2 A% Aget
CH14L O1 LLMS) 87 232 B $EIE gy axe) gg 24skn 2ol Y AP /1Y
i%_”oi J§7H s =2l s olsfstal BoA o] EfA AT AAA tdk A =o] AL
AT 5 e sk ATsel, $4 HAER 2g g sjeg 4 gom, B4 2l BES
e %L_ﬁ}a}* LM A S AR R 5 g o) gkl 2847b18e] BE
BAE A | 719, FRA Ge M)A e ofna
301 o iy

E 1. AMESE 3HEN Z1
2] R, Table 1. Regression analysis results of credit rating
2.04 .
168 Va”?b!e Variable description| coefficient | p-value
151 _— 152 description
L 2 a7 Inetercept Intercept 1459 | 0.000
SIZE  Markel 206+ | 0.000
sl capitalization (log)
oL Total debt/total 05t | 0007
80- Overview Fi&nanci‘?l Position 8iLiguidit‘y Off;ll%‘alance Other Ve assets
Performance Financing eet Decisions Opel’atlﬂg o
T8 4 ghE g BEEAb R oM incomefrevenve | O 0.050
Fig. 4. Standard deviation by number of repetitions
g y p VB Market cap/ 023 0.119
net book value
sl E M —
32 3|HEA DIVP Dividend payout | 4o | o000
status

2 A7E MD&A BAEA WSl 71gel Al Lengh | "VOSANOT T s oeg
£579 BAHSE Fons JFS vA=AE Forecast Forecast 012 0403
AzAog BA37] s o= JAEAY Ry note information caution ) '
FEIAGL. AALHE DR SYusEel g4 |y SumEn 06 03D
T, WSS ke BAS SEHE o ERA performance
ol % AT A= MD&A FAIFEY AHAH Luquicity LFi?nU;(rj]i?i/n& 028 0.180
344 3 %(LLM H7b A /\)g T SPNTE Off-balance iheet
*ézééb- _/,:x]‘cﬂOE e }L]‘g‘%‘T—:ng %é:‘]ﬂ‘/l\‘ OffBS transactions 0.29- 0.086
2 AAsG Y. 34 L e 2o Otherlnfo Other investment 030 0117

decision matters ) )

CreditRating= By + B+ SIZE+ By TDL+ 84 OM Number of observations 281

+ B4y MB+ 85 DIVP+ B¢ Length Adjusted R 0.710

+ B Forecast Note + B g Summary Fstatistic 58.01

+ By FinPerf+ B Liquidit '
69 i 67’f BIO Lquraity (31) P-value D<OOO1

+BuwOf fBS+ 1, Othernfo+e



Journal of KIIT. Vol. 24, No. 1, pp. 47-56, Jan. 31, 2026. pISSN 1598-8619, eISSN 2093-7571 53

ol IAELY AE wEoE & d7s £
A& FAst Flew0) FASHE(1)= TRt

4
= oon pREdRY A§ hsHe YA
NESF Y, 53 B5FOR 4B /Y

I AZEE M8 45, 09 AU S 43
of B2 s Astst g AdAeln

AU Al A5k el AL 19 49

2 = A5 Qlof whg FF Aol
B A

MD&A FAED B4 Aol AAH oz Heta

BoFE Agolt of 1YL 24 §F 3 B B

NEFED A A7t FAACE Fon|siAl veld
S HAFH, o= MD&A FAIEZS] 7|Ye Alg
AL wgsks Fouid Alays AFAAA =
o} o]y AWE wigor B AFE AR
SAEA NN FYPEtA UJERE MD&A FAF

FEsS AP, 7199 AEAYF 5w A%
Fs)e dEste BF A5 B2Es AAsSH

o] rule AE HHo} uAFA HHS MD&A &

NEDE THet 7199 AEEE EE} Fg70
2 Hr1sla oEshs A2 WHES A

4 3.92 3.93

Off-Balance  Other Investment
& Performance & Financing Sheet Decisions

a7 5 MDA B H H|I: §XS23 FI|SH
Fig. 5. Comparison of MD&A scores by credit grade

Overview Financial Position Liquidity

V. B{aled o= 2

Er7l5 w022 ggslstd, ol ozl &
Mgy 7EE o Srd S *éﬁlo}%‘ﬁ} A
BIA 1Y F BASF 719 22370(79.4%),

=
T

2 d7dde 71 AdeEe FASE0)H
q
lEr

]

57 7192 5871(20.6%) 2 A of aﬂ B3
o] ZAgt}. HolHe] A7t BEd He B}
29 459 A4S gHE] 8 kfold 2
A7 % (k-fold cross-validation) 7]}8-& 2 &-3}%it}. o]
e A tolHE dA% 7] FEIFOE
U H, 2 subset= ¢F WA HFE0Z ALESIaL
U2 & 8o ARgshe B8 BHEFOEN B
945 ®Hr} guks) 7bsstAl Brtkste datolt) E
ATolAM e k=58 ARt F 539 wHE Skga
AZS FYslgon, 7 Zro TH/AZ MEJ
MNE EXASF F 79% E753F <F 21%9 Hl&o]
SAEAL BMdE T 7hx] o)Zndo] B85S
o A WA AFAETE 2FF 71 E2F (Model
), 7 WA= 971 LM 7% SAFE S
Agst S5 (Model 2)°1THE 2 HX).

=

T2 oAd mE Ao}
Table 2. Results of machine learmning models

GA BE SHEFA L

=
2 Ao L}E}l,;b:}, £3] XGBoost E'_Eilfi
e 45 7

Model1 Model2
Model Metric (Financial | (Financial+| A(Max)
only) MD&A)
Recall 0.64 0.70
Logistic | Precision 0.82 0.82 94%
F1 0.71 0.76
Recall 0.58 0.69
SVM Precision 0.73 0.78 19.0%
F1 0.64 0.73
Recall 0.65 0.72
RF Precision 0.83 0.84 10.8%
F1 0.71 0.76
Recall 0.70 0.76
XGB Precision 0.80 0.88 10.0%
F1 0.73 0.80
B Ayl FAEF ARE 33 nE AR
Y& /1Ry gyl AiE 25 A% 4L U
ERith. 53] Frl5w 719Y ©A A S (Recall)d
Fovl @ Aol FREYE, ol He5F ot
Agel w2 7S 2o AEEte d F4%
& zt=t} ]9} 3, Precision, F1 Score & E}
=2
Al

O OH
>
K
1
ol
[t
e
Hd
ol
o
o,
o
N
ASh
N

)



54 LLM 719 MD&A A 2 &4 W23 A45F o3 H4

Score 9.6%, Accuracy 3.3%%] F5ZS 7|53 HyY 7]dk SRy 7| AFAHR 7HE mdo
ol ©<eek BA 91 s do], Bdo] Hot Hs AWAQl oS Adeo]l ddEHNer, 53 F
Agsty AFE w2 Ao 89S ERY 715w 71ged tig &4 sgo] FElo] AN
T A HASES AR, o} ol FAIY AF 5] 2 V9YFE A7
olg|¢ A 719 B84 BH, 53 A9z A1 AN A AE9E Be 9dFEE 53t
o] M&dt AF 9 A #3ol it AW FE3 O 7HES SiAsh, LIM 7)9 E2E E-40
FA EFFol, 9 HU A A AHE w2 s AAAQ Pg23d 27| AT AAZ FLE & g
283 AT OhA] 2], MD&AS] AT & < AARSHE XGBoost =22 7% F1 score 9.6%,
Ae 7199 244 933 AYS B 43t Recall 8.6%, Precision 10.0%, Accuracy 3.3%%] A%
sy, ol Halgd BEFAT A84dS o FFE 7188 M FEYd A ERE B
Wil b 7198 F des ASHOE HoEh =3
£3] B d7e FAEE HaE 9A Ex A AR, B AFE 7|8 APATFEe] JHAE E
FE o, A4dH BF AT /MR ooA= A A SAE AFH R RSN 7]EY
TET BEYS st Aol 7]E AF FANEFD AFES FAY Bk YEsAY A4
A dEZrge dAE BosteE Yoty HIow AAE dY Hesshs Wad #EEn 45y
A omE 7HI: AE B E, A/, AFG SHAA AFe] AN
o W, 2 d9e 280590l AANE MD&A
V.Z& B FEE FRE HPOE TEXES HASY, §5
H HkE Yris 59 A4 AgAY AUEE &
B A7E gy dojm(LiM)S B85k 7Y B3ttt ols A H2E9 F24 JRE A
o] MD&A FANFEES FEHEZ APy, oF Aoz A A A& F UZ, SEHoER
AT dES2gd FEToEN HIAY HAE N2E 24 ZYUYIE AAST
AR7} ALH7b fousiA FeE LS olggt A+ A= FEH-AFZH ZHoA o
AZHoZ AFIPT AFHY AE85F dF0] = F FE YYE VR FTHoRE ALY
FZ AFAZ 7k Y Fx]o o= o Ht 7kl lol HIAY vlojE ] && Tt AF
3, B ATE FAEA Y 44 AR, B3 497 StHler, LM 7F 2B #4o] YA HJHE
o] Ak Fchy} vjgAwgo] @7 MD&A ElAEV} AEslete A9 S 2 F des BYF3
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7190 AN ATPTet &4 Ao tha) £ € & 47 9 A= HolEeh JF 4
st FAFHoE Medss A Frpr|gez o Aot Aol EA3H, H2E o 9
BH o 52 A5 d& F dLS HYFE A ks s wgetA] X3 AR Utk FE
E3 BEpolgts o ATEAF AR FATI] ATlA e thdzte AAE HolEE &8st g
s 288 4 IS gto =N, ¢35 2E Ay AHE S HESD, AYE ¢
FANEA Hrto) Qo] M2 AT TH5A =9 BHe B3l gdts Jheds =Y ¢ e
S AN EAT Aolth, m=3 thFst LLM 329 37 e o
A, AFAR FAFE HFE AT Al g Hlu A, TEZE HAZ 7Y &Y 52 F



Journal of KIIT. Vol. 24, No. 1, pp. 47-56, Jan. 31, 2026. pISSN 1598-8619, eISSN 2093-7571 55

s Wb A AR AgEe B B &

9 Aok,
FIHoE B ATE A
2E HHE FH U85
A, FA BIAEC]
A 3 AR NEZA, BE LM
NQEA 2 ARBY Boke] FAH AT
“)F‘ o)

Al

o1&

7]y S

% 24o] & F & Zolth

B r2 o

References

[1] M. T. Kim and J. B. Wi, "The impact of auditor
size and audit opinion on corporate credit ratings",
Journal of Accounting and Auditing Research, Vol.
35, No. 5, pp. 45-74, Jun. 2006.

[2] T. K Kim and J. S. Shin, "Credit Ratings and
Corporate Investment Decisions", Korean Journal
of Securities Studies, Vol. 46, No. 4, pp. 785-807,
Sep. 2017. http://dx.doi.org/10.26845/KJFS.2017.09.
46.4.785.

[3] A Y. Lee and G. H. Kim, "The Disclosure
Quality of Management Discussion and Analysis
and the Cost of Debt", Journal of Business
Education Research, Vol. 29, No. 1, pp. 407-430,
2014. https://www.kei.go kr/kciportal/ci/sereArticle
Search/ciSereArtiView.kci?sereArticleSearchBean.arti
Id=ART001856990.

[4] E. L Altman, "Financial Ratios, Discriminant
Analysis and the Prediction of Corporate
Bankruptcy", Journal of Finance, Vol. 23, No. 4,
pp. 589-609, Aug. 1968. https:/doi.org/10.1111/
J-1540-6261.1968.tb00843.x.

[5] S. J. Kim and H. C. Ahn, "Application of
Random Forest for Corporate Credit Rating
Prediction”, Industry and Innovation Research, Vol.
32, No. 1, pp. 187-211, 2016. https://doi.org/10.
22793/indinn.2016.32.1.006

[6] G. H. Lee, K. M. Kim, and H. J. Lim, "Study on
Predicting Corporate Credit Ratings Using CART",
Journal of the Korean Data and Information
Science Society, Vol. 35, No. 5, pp. 585-596, Jun.

2024. https://doi.org/10.7465/jkdi.2024.35.5.585.

[71 Y. S. Do and D. H Lee, "The Impact of
Referencing MD&A Best Practices on Information
Asymmetry and Readability”, Korean Accounting
Journal, Vol. 22, No. 1, pp. 122, Feb.
2024. https://doi.org/10.24056/KAJ.2023.11.002
artild&=ART001141373.

[8] J. Jang and X. Wu, "Non-English Textual
Analysis with Large Language Models: Analysts’
Use of MD&A
Forecasting", SSRN Electronic Journal, pp. 1-45,
Jan. 2024. https://doi.org/10.2139/ssrn.5123384.

[9] X. Li, Y. Zhang, and H. Chen, "Explore the use
of  prompt-based LLM  for  credit risk
classification",

Sentiment in  Earnings

Journal of  Computer and
Communications, Vol. 13, No. 6, pp. 33-46, Jun.
2025. https://doi.org/10.4236/jcc.2025.136003.

[10] Y. Lee, M. Kim, and H. Choi, "Structured debate
improves corporate credit reasoning in financial
Al', arXiv preprint, arXiv:2510.17108, pp. 1-12,
Oct. 2025. https://doi.org/10.48550/arXiv.2510.17108.

[11] U. O. Ogbuonyalu, K. Abiodun, and S. Dzemefe,
"Beyond the credit score: The untapped power of
LLMs in banking risk models",

Accounting Research Journal, Vol. 7, No. 4, pp.

Finance &

183-204, May 2025. https://doi.org/10.51594/
farj.v7i4.1905.
[12] FnGuide, "FnGuide Database",

https://www.fnguide.com. [accessed: Jun. 01, 2025]
[13] Financial Supervisory Service, "Data Analysis,

Retrieval ~and  Transfer  System  (DART)",

https://dart.fss.or.kr. [accessed: Jun. 01, 2025]

[14] S. Y. Jung, "Predicting Corporate Credit Rating
Using RAG-based LLM: Focusing on Corporate
Credit Rating Explanation and Outlook", M.S.
Thesis, Sogang University, Seoul, Korea, 2024
http://www.dcollection.net/handler/sogang/000000078976.

[15] D. W. Kim and J. Ahn, "Issue of Junk Bonds in
Flight to Quality", Korean Journal of Financial
Management, Vol. 35, No. 1, pp. 1-25,
2018. https://doi.org/10.22510/kjofm.2018.35.1.001.



KRN

3
)

=2 (WOﬂmo Kaﬂg)

[¢)

Y
H_T o ,I.W -
o = T X
o Ho op Tor — )
ﬂjl‘__:_ﬂ o ‘wﬂ o —
..ﬂom o Eio o - - W_._ln_
= g W N T % ol — — o
g LER®mEe S w3 TP e
R 5 o Jo = S e 2 TR g ® T Wb
32T R ] nzn%aﬂw_uoa%wl% Felw =
%Eﬂﬁwahﬂo ~ﬂ%wemni _@ﬂoauﬂl iy @mm - ,MO
e HTM o o o oW ﬂ_m_l g - S = N OWV MO = ﬂo m g = B
ﬂﬂm.wmfﬂm RSl %ﬂmxe(,du T 5= B ™
S [ M%moafmao 3_nmmLL.r1;om)é J.._;n_..w_~ X
1% _ERRT TS DA R T W S
<5 AT I T Yo Bo mh Sy 3n_rm8mo%
82 2 ™ \./w._uﬁﬂﬁo]lo._max_ - T O o
b [al c S (AEM M o= T) ofy Hﬂmﬂu )
| c s O 2 = )W_..Hlﬂnm,blﬂaf
, = T %2 S MHTME
5 c N & E¥
T = N = i ®
= £ E 2 -
ol m.A > 3 S
= =l ) o
= IO , @. N v
‘ ol W= o _
ol Kk
o1

HE
Al zd, Hlz2Y 2 o de|g s, S olE oY



	LLM 기반 MD&A 공시 품질 측정 방법론과 신용등급 예측에의 적용
	요약
	Abstract
	Ⅰ. 서론
	Ⅱ. 선행연구
	Ⅲ. 연구설계
	Ⅳ. 머신러닝 예측 모델
	Ⅴ. 결론
	References


