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Hierarchical Emotion Classification for Social Media Texts with
Slang Handling and Emotion-Aware Custom Emoji Generation
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Abstract

This paper proposes a user-tailored emoji generation method grounded in fine-grained emotion analysis of
social-media text. We reorganize GoEmotions into a two-level hierarchy (7 superclasses, 27 subclasses) and design a
BERT-based coarse-to-fine classifier with a shared encoder and grouped heads. An OED-based slang dictionary with
normalization improves robustness to nonstandard expressions. We use the classifier outputs to condition DALL-E 3
via three prompt strategies—S1 (text), S2 (text, emotion), and S3 (text, emotion, Description of emotion). In our
experiments, the hierarchical model with slang normalization produced the best F1, and S3 achieved the highest
CLIP-Sentiment and CLIP-Text, with no IS degradation, while maintaining image quality and diversity.
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Table 1. Emaji generation prompt structure and emotional visual description

Base—prompt

You are an emoji designer. Your task is to create a single symbolic emoji based on a short text message and its
associated emotion.

Design only one emaji.

The image must include only one flat, round emoji face, centered in the frame.

Do not include any other emaji, symbols, logos, or text. Use a plain white background.

The emoji must be in the style of modern emoaji, flat, round, and minimalistic.

Description of sentiment

Joy

A smiling yellow face with gentle eyes and a cheerful smile, radiating happiness and warmth, A
beaming face with wide eyes and an energetic smile, showing enthusiasm, A face with heart-shaped
eyes or surrounded by hearts, expressing affection, A laughing face with tears of joy and squinting
eyes, representing playful humor.

Trust

A calm relaxed face with closed eyes and a soft smile, expressing peace, A face with teary eyes and
a warm smile, showing thankfulness, A confident smiling face, symbolizing dignity and self-assurance,
A winking or slightly smiling face, showing agreement, A thoughtful face with raised brows, indicating
awareness.

Anticipation

A face savoring something with tongue out, representing longing, A bright smiling face with sparkling
eyes, showing hope, A warm smiling face with soft eyes, radiating empathy.

Anger

A red face with furrowed brows and clenched teeth, expressing rage, An unamused or expressionless
face, showing irritation, A nauseated or vomiting face, representing repulsion, A face with rolling eyes
or a frown, showing rejection.

Fear

A wide-eyed face with raised brows and a gasp, showing sudden alarm, A pale face with cold sweat,
indicating anxiety, A screaming face with tense features, expressing panic, Eyes darting sideways with
clenched teeth, signaling dread.

Sadness

A face with a teardrop, expressing sorrow, A crying face with streaming tears, showing grief, A pensive
face with closed eyes and a soft frown, conveying melancholy, A drooping face with a quivering
mouth, indicating despair.

Suprise

A face with wide-open eyes, raised brows, and a gaping mouth, expressing astonishment, A thoughtful
face with a tilted head, indicating inquisitiveness, A perplexed or dizzy face, expressing uncertainty.
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Table 2. Experimental data sets

7fC|aSS 27-class sentimen
sentiment
joy 2607
admiration 1,520
Joy excitement 1,900
love 2,745
amusement 3081
relief 452
gratitude 3,863
Trust pride 452
approval 5,028
realization 2,867
desire 1,248
Anticipation optimism 2,887
caring 1,088
anger 2589
Anger annoyance 4443
disgust 1,704
disapproval 3,774
Fear fear 1,048
Nenvousness 598
sadness 2,193
disappointment 2,771
Sadness grief 227
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suprise 1,806
Suprise curiosity 3,267
confusion 2471
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model performances
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Table 4. Comparison of emoji generation prompt
performances

Promipt | CLIP-text CLIP- IS
sentiment
St 0.62 065 078
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My Dachshund loves trying to lick my son’s mouth when he's laughing. Every single time.
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