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Personalized Visual Content Generation System using
Image-Text Integrated Analysis
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Abstract

As image- and text-based personal journaling becomes popular among the Millennials and Gen Z, demand for
appearance- and emotion-driven immersive content is growing. Our study propose a web-based system that
automatically generates personalized visual content using users’ full-body photos and diaries. The system extracts
appearance and keywords through image-based style recognition and text analysis, then creates personalized 3D
characters and video diaries. The output extends beyond digital visuals to real 3D prints, offering a more immersive
and practical emotional recording experience. This paper presents the integrated system architecture and components,

and proposes the image-text integration systems utilizing object detection models and generative artificial intelligence.
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Table 1. Dataset for hairstyle classification

Class Train Val
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640X640 16 100 0.01 0.1
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Table 3. Train result of fashion style classification

Precision Recall mAP@0.5
Base-s 0.711 0.795 0.787
Base-m 0.749 0.844 0.83
Balance-s 0.786 0.824 0.86
Balance-m 0.828 0.874 0.903
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