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Deep Learning based Al Team Matching Platform using
Collaborative Filtering
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Abstract

This study proposes a team-matching platform that combines collaborative filtering with deep learning to support
international student collaboration in competitions. User information —including roles, interests, languages, nationalities,
time zones, and personality traits —was vectorized and processed by a Multilayer Perceptron (MLP) model to predict
collaboration compatibility, while a hybrid matching strategy considered both individual applicants and pre-formed
teams. Experiments using 1,000 simulated users showed that the proposed model achieved an average compatibility
score of 0.754, outperforming random (0.610), rule-based (0.642), and similarity-based (0.685) methods by up to 11.2
percentage points. The platform also integrates real-time translation and cultural awareness functions to support
multicultural teamwork. By applying deep learning - based collaborative filtering, this research advances beyond simple
rule- or similarity-based approaches and demonstrates a scalable system for effective global collaboration.
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