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A Study on ECG Signal Reconstruction based on Deep Learning
Model for Heart Disease Detection
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Abstract

With the rapidly increasing online data, recommender systems are becoming more important. Therefore, the growth
of e-commerce data presents new challenges for storing and querying large amounts of data for online
recommendation systems. However, there is little research on processing extensive online data to improve the
performance of large-scale recommendation systems. This paper proposes a new graph data storage model for
large-scale recommendation systems. Additionally, the proposed model includes a new type of index to quickly
generate recommendation lists. We also conduct comparison experiments with existing data models and demonstrate
that our distributed graph data model outperforms other data models, such as the relational data model, in large-scale
recommendation systems.
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1. Original ECG Signals 2. Training ECG Signals 3. Deep Neural Network 4. Reconstructed ECG Signals
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