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Abstract

This paper proposes a new system that integrates a deep learning-based user behavior prediction model into
Robotic Process Automation (RPA) software to automate a wider range of tasks beyond the automation of repetitive
tasks using existing computers. The next action is predicted with high accuracy through time series analysis of user
behavior logs, and the accuracy is improved by utilizing Transformer and ResNet-based models. In addition, the
Vision-Language Model (VLM) is introduced to interpret the user's screen and summarize the current task in natural
language, thereby detecting repetitive tasks and generating semantically automatable tasks. The generated automated
tasks are converted into standardized general-purpose scripts using an Adapter. The converted task list can be edited
using an online platform and downloaded as a file that can run a commercial RPA solution (A.Works. BluePrism) to
execute task automation.
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