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Abstract

This paper proposes a blind generative face restoration model to recover high-quality face images from low-quality
inputs captured in heavy rain. Existing models lack dedicated modules to handle complex degradations like rain
streaks, accumulation, and resolution loss, causing color and texture distortions and degraded facial details. To address
this, we introduce a degradation-agnostic feature embedding learning technique that aligns features of low- and
high-quality images in a shared embedding space and design a module extracting high-quality features regardless of
degradation type. Experimental results show that our model improves PSNR by 0.4544 dB, SSIM by 0.0219, LPIPS
by 0.0118, and FID by 4.0268 over PSFRGAN, effectively removing distortions and enhancing detailed representations

in restored images.
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