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Abstract

This study proposes a methodology for automatically generating traffic accident investigation reports using the
BERT language model. Conventional accident investigation relies heavily on the subjective judgment of investigators,
and the process of analyzing fragmented field data is time-consuming and labor-intensive. To address these challenges,
this methodology deeply analyzes multi-source data, including CCTV footage, EDR records, and driver statements.
The proposed model first structures objective factual relationships by extracting fragmented information based on the
SWIH (Who, What, When, Where, Why, How) principle. Subsequently, it generates the core accident narrative by
inferring dynamic causal relationships among the structured information through time-series relationship mining. This
methodology is expected to enhance the speed and accuracy of investigations, contributing to the prevention of
secondary accidents and the reduction of social costs.
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