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Abstract

With the advancement and proliferation of Large Language Models, language models applied to the Korean
language are also being applied across industrial fields. This trend has expanded into factory floor, service
applications and other industrial areas, particularly in areas requiring tacit knowledge including know-how, where such
models are increasingly significant as tools for information provision and support. However, digitalization of tacit
knowledge often requires expert involvement and significant effort. This study proposes a method to effectively
incorporate tacit knowledge of technicians and experienced workers in the precision machining industry into models
using a Human-in-the-Loop (HITL) approach. By fine-tuning a Korean language-based model and employing iterative
feedback from human experts, we studied a language model with tacit knowledge to support work guides.
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