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Abstract

This paper proposes a machine learning-based methodology for classifying high-risk groups of post-traumatic stress
disorder (PTSD) among disaster victims. By leveraging a clinically validated Al-based cardiac camera under disaster
conditions, non-contact biosignal measurements were integrated with standardized psychological surveys to establish an
objective classification framework. This framework was applied to categorize PTSD severity levels via a machine
learning model. Data were collected from 66 individuals who had experienced an earthquake, comprising both biosignals
and psychological survey responses. A Random Forest model was subsequently employed with weighted features derived
from previous studies and data analysis. The proposed classification model achieved an accuracy of 85%, demonstrating
the feasibility of early PTSD risk detection through machine learning in real-world disaster scenarios.
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Table 1. Results of applying the random forest model

Precision | Recall | F1-score | Supporte
Mild 100% 86% 9% 7
Moderate 7% 100% 87% 10
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