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Abstract

The rapid growth of the internet and gaming industries has increased game users' expectations, urging developers to
identify user demands and establish effective strategies. However, prior studies have faced limitations in systematically
analyzing users’ thoughts and emotions through sentiment analysis. This study uses a Large Language Model(LLM) to
analyze game reviews, extracting keywords and constructing a Common Word Dictionary to determine positive,
negative, and neutral sentiment ratios. By combining quantitative and qualitative analyses, the study identifies key
issues in areas such as business models, game operations, and technical performance. These insights not only offer

practical strategies to enhance user experience but also provide valuable guidance for game developers.
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Table 2. H game keyword sentiment ratio

Key Word Negative Neutral Positive
e 69.18% 0.48% 30.33%
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AER 67.76% 0.58% 31.65%
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Table 3. L game keyword sentiment ratio

Key Word Negative Neutral Positive
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Table 4. Common word dictionary-based analysis
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Category Negative Neutral Positive
BM 63.13% - 36.87%
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Table 5. Common word dictionary-based analysis
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Category Negative Neutral Positive
BM 81.19% 4.38% 14.42%
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H Game Sentiment Ratio

positive
33.4%

negative
9 neutral

L Game Sentiment Ratio

positive

12.0%
neutral
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82.1%
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Fig. 4. Graph on the sentiment ratios of the common word dictionary for H game and L game
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