"m Check for updates

Journal of KIIT. Vol. 23, No. 1, pp. 191-199, Jan. 31, 2025. pISSN 1593-8619, elSSN 2093-7571 191
http://dx.dot.org/10.14801/kiit.2025.23.1.191

AL TA A2 B8 AFA%S 7159 B B AT

Research on the Direction of Artificial Intelligence Technology
Introduction through Al Regulation Policy
- Focusing on Large-scale Language Models(LLMs)
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Abstract

This study analyzed the technological development of Large-scale Language Models(LLMs) and Al regulatory policies of
each country to propose a new regulatory framework for domestic introduction. In addition, we analyzed recent LLM-related
research papers to systematize the trend of technological development. After drawing policy implications from a comparative
analysis of Al regulatory policies in major countries such as the US, EU, and Japan, we designed a principle-based LLM
introduction framework suitable for the domestic environment. The LLM introduction framework proposed in this paper is
based on the core principles of respect for humanity, privacy, respect for diversity, non-infringement, publicness, solidarity,
data management, and accountability, and presents detailed regulatory measures tailored to the characteristics of LLM
through the principles of data management and accountability, which are differentiated from the existing Al regulatory
framework, and is expected to contribute to improving the reliability of the domestic Al ecosystem by presenting a practical
regulatory framework for the healthy development and safe utilization of LLM.
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Trait User
, movie content
Roles Tissues evaluation points
Office of
Science and| Overseeing and advising on
General oo .
Technology | federal Al activities; supporting
manager . . o
Policy interagency Al activities
(OSTP)
Na“XP al Implementing and coordinating
Dedicate I the US Al strategy through
Initiatives . )
dagency Office cooperation with governmgnt
(NAIO) departments and academia
Special | Overseeing national Al initiatives
supervisory| Committee |and formulating Al R&D plans at
on Al (SCA) the federal level
National
Science and Advice on Al technology through
Technology " ) .
. affiliated technical committees
Council
(NSTC)
National Al a4ice on Al R&D, ethics,
Aavisory
. standards, technology transfer,
Committee s
(NAIAC) )
Advisors Al National
Security Advice on Al technology for
and ) . )
coundils Council national security and defense
(NSCA)
Workl force Advice on the adoption of Al in
Advisory
. the labor market and the
Committee increase in automation
(AWPAB)
National Al Development and advice on the
Research . )
R implementation roadmap for
esources .
TE shared research infrastructure
(NAIRRTF) national Al research resources
National
stud Science | Al R&D and funding from major
y Foundation | US universities and industries
(NSF)
o l\/Iachlme Develop Al standards and
guidelines |  leamning , )
discover related requirements,
and and .
and designate standard
standard Al coordinators to support the
development Subcommittee execution of reliable KF strategies
(MLAI-SC) 9
Department of Defense Al policy
Others/ Joint Al formulation, application of Al
defense |Center (JAIC)| technology to military operations
and tactics
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