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Abstract

Prognostics is considered a key technology for cost-effective maintenance, as it predicts degradation behavior and
remaining useful life based on condition monitoring data of an in-service system. Condition monitoring data is mostly
collected through sensor signals such as vibration, current, and torque, making the degradation feature extraction
essential. However, extracting degradation features remains a challenging task. This paper introduces prognostics
methods for bearings and extruders as examples of degradation feature extraction based on physical characteristics.
Furthermore, a new feature extraction method based on the correlation between current and torque is proposed for a
drive modules prognostics. The proposed method was applied to two modules, and similar levels of degradation
thresholds was obtained when using the full lifespan data, suggesting the feasibility of module-level prognostics.
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