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Abstract

This study proposes a generative Al-based prompt structure to optimize business data analysis reporting, focusing
on performance marketing. The proposed method includes preprocessing daily reporting datasets composed of key
performance indicators in performance marketing and converting table-formatted data into natural language text
through a 'Table-to-Text' approach. Various prompt techniques were combined and reviewed to generate appropriate
answers to commonly used queries in this domain. The optimal prompts were selected based on evaluation results
using ROUGE scores and an in-house checklist. This paper explores prompt engineering in the performance marketing
field, an area that has not been extensively studied in previous research. It distinguishes itself by proposing a prompt
structure that simultaneously interprets table data and generates comments that reflect the key points of the data,
offering a novel approach compared to prior studies. It is expected that the proposed prompts will enhance objectivity
in performance report writing and save time and costs.
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Table 2. Overall prompt sturcture

#Data

#Operational Details

#Commands (Including Persona)
#Cost-Related Metrics

#Output Statement Rules
#Constraints

#Output Statement

[Campaign Name - Media Name]
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Table 3. Checklist for qualitative evaluation of prompts

Evaluation areas Evaluation items Yes | No

Avoids_unnecessary _content.

1) Mentions cost-related metrics with a decrease of more than 3%.
Accuracy of comments | 2) Highlights only positive indicators.
(20%) 3) Excludes outputs unrelated to the specified output statements.
4) Ensures that numbers in the response are accurate (No hallucination).
1) Selects key metrics for each date and analyzes them.
Analytical skill in | 2) Analyzes reasons for decreases through correlation analysis.
evaluation 3) Analyzes daily metric changes to evaluate campaign efficiency.
(30%) 4) ldentifies correlations by reflecting operational details.
5) Includes detailed evaluations with information beyond the prompt rules.
1) Uses concise sentences in a list format.
Language fluency |[2) Employs vocabulary and phrasing suitable for report comments.
(20%) 3) Summarizes each item in one sentence, presented as bullet points.
4) Structures sentences clearly for better readability.
1) Provides responses quickly.
Usabil 2) Organizes comments with clean titles and structure.
sability : —
(30%) i; Ensures the output does not exceed the maximum token limit.
5)

Clearly distinguishes between increases and decreases in metrics.
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Original Comment
- The screening CPA decreased by 2.64% compared to the previous day, indicating that the
ing process was

at a lower cost.

- The approval CPA dropped by 43.12%, indicating significantly reduced costs in the approval stage.

|
Text Preprocessing 1

. Iintermediate Comment
- ScreeningCPA decrease 2.64% compare previous day indicate completion screen process
lower cost

- ApprovalCPA drop 43.12% indicate significantly reduce cost approval stage

|
Text Preprocessing 2
+
_____ Preprocessed Comment
- ScreeningCPA decrease 2.64%

- ApprovalCPA decrease 43.12%

J% 1. ROUGE HIte
Fig. 1. Text preprocessing for ROUGE evaluation
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Table 4. Used prompt techniques

You have 10 years of experience as a performance marketer. You are skiled at analyzing the
efficiency of advertising campaigns and deriving insights from performance data. You excel in

Type 1 Persona analyzing relationships between metrics and clearly explaining the causes of fluctuations in
advertising cost-related metrics.
| am preparing daily report comments based on the analysis of daily performance and metric
Tvoe 2 Command changes for advertising campaigns. | will write comments only for metrics with a decreased rate
yp of change. The comments will strictly follow campaign management details, constraints, rules, and
the specified outout format. The analysis results will be provided to the client, [BANKI.
, The cost-related metrics are as follows:CPC, CPS, CPU, New Visit CPU, Registration CPA,
Type 3 | Marketing data Screening CPA, Approval CPA, CPA, Savings CPA, Loan CPA.
ECG - Analyze the relationships between metrics and describe how the cost-related metrics with a
Type 4 (Essential day-over-day change rate of -3% or more were impacted, including their unit costs.
Condition Giving) |- Write comments only for cost-related metrics with a day-over-day change rate of -3% or more.
- Summarize how changes in operational details impacted cost-related metrics with a
day-over-day change rate of -3% or more.
ACG - If no metric has decreased by more than 3%, provide information about the #cost-related
Type 5 (Additional metric with the most significant change.
Condition Giving) |- Use sLitable terms for the report and write concisely in bullet paints with simple, structured sentences.
- Provide output in the specified format only.
- Summarize each point in one sentence and list them as bullets.
Type 6 One=Shot Example response: The aaa metric decreased by -bb%, resulting in a -dd% improvement in

the ccc metric.

E5 ZEXE 7Y
Table 5. Prompt composition

Case 1

Type 1 (Persona) + Type 2 (Command) + Type 3 (Marketing data) + Type 4 (ECG) + Type 5 (ACG)

Case 2

Type 1 (Persona) + Type 2 (Command) + Type 3 (Marketing data) + Type 4 (ECG) + Type 6 (One-Shot)

Case 3

Type 1 (Persona) + Type 2 (Command) + Type 3 (Marketing data) + Type 4 (ECGQ) + Type 5 (ACA) + Type 6 (One-Shot)

Optimal

#Data:
#Operational Details:

#Commands:
Type 1 (Persona)

Type 2 (Command)

#Cost-Related Metrics:
Type 3 (Marketing Data)

#Output Statement Rules: . _ S

- Analyze the relationships between metrics and describe how the cost-related metrics with a day-over-day
change rate of -3% or more were impacted, including their unit costs.

- Write comments only for cost-related metrics with a day-over-day change rate of -3% or more.

- Summarize how changes in operational details impacted cost-related metrics with a day-over-day change
rate of -3% or more. o . o

- If no metric has decreased by more than 3%, provide information about the #cost-related metric with the
most significant change.

#Constrajnts: _ S . o

- Use suitable terms for the report and write concisely in bullet points with simple, structured sentences.
- Provide output in the specified format only.

- Summarize each point in one sentence and list them as bullets.

#Output Statement _
[Campaign Name - Media Name]
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Table 6. ROUGE score result by prompt type

Prompt Metric Recall Precision F1
Opiimal 1 092 0.70 0.77
2 0.88 0.66 0.72
1 0.83 057 0.63
Case 11775 076 05 056
Case 2 1 0.77 0.70 0.68
2 0.72 0.67 0.63
1 0.72 0.66 0.65
Case 3 ™, 065 061 058
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