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Abstract

This paper proposes an optimal pipeline for effective multilingual Optical Character Recognition(OCR). Previous
research has focused on performing OCR on single-language data. In this process, images are first input into a
detection model to identify regions, which are then passed to a recognition model to extract text sentences. However,
this approach is limited to single-language OCR networks and cannot process data in various languages. To address
this limitation, we integrated a language classification model, which considers the characteristics of each language,
into the existing model and developed a methodology for multilingual OCR by constructing independent recognition
models for each language. The proposed pipeline was experimentally validated, demonstrating superior quantitative and
qualitative performance on multilingual data.
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Fig. 1. Two distinct subproblems of the general approach
to OCR (a) Text detection, (b) Text recognition
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Fig. 3. Optimized pipeline structure for multilingual optical character recognition (a) Text region detection,
(b) Language classifier, (c) Language-specific text recognition
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Table 2. Comparative experiments with the addition of
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the proposed pipeline

Result : Language
Model F1-Score (1) | classification
FASTI9]+Swin[16] 69.2
FASTIO]+Swin[16] 81.6 v
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Fig. 4. Multiingual OCR results using trained models
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