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Abstract

The training performance of a Large Language Models(LLM) significantly depend on the quality of the dataset
used. As the quality of data within a specific domain directly impacts model efficacy, constructing a high-quality
dataset is crucial for model improvement. Therefore, this paper proposes a prompt-based data refinement system for
selecting high-quality data for analyzing Al interviews. The proposed system aims to enable precise data screening
through the analysis of intent elements in interview answers, and to evaluate the validity of the data screening
rationale and the degree of improvement in efficiency by adding individual prompts corresponding to each intent
element. By presenting a novel data curation system that improves the reliability and accuracy of datasets in the Al
interview domain, this research establishes the basis for improving the learning efficiency of analytical models specific
to the Al interview domain.
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Common Intent Detection

(é@ —

Original Dataset

Condition Prompt

(). Detected
AIHUB Dataset < Intent
Q/A \

+
emotion/intent

Detecting Intent Elements through Interview QA Analysis

Basic Prompt

+ Personality Prompt
Judgment Of The _K@J + Insight Prompt

Appropriateness
AIHUB Dataset
Q/A

Evaluating The Appropriateness of The Answer
after Prompt Combination

—l

Final Dataset

|

Matching Each Intent Prompt

Using GPT-4-Turbo

Basic Prompt —

v

Personality Prompt —

Philosophy Prompt — ‘ ’ Ill ’

Self-improvement Prompt —

Insight Prompt | Dataset with Detected Intent Elements

Expertise Prompt

a%l 1. Hetet= ZEZE (8 Hlo[E ™A A|AR X
Fig. 1. Structure of our proposed prompt-based data curation system
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Table 1. Data distribution by job and question type

Art & design 9.69%
Buglqess .& 29579,
administration
ICT 8.68%

By Job Production & 10.29%

Vpe maintenance
yp Public service 25.26%
25.26%

Construction &
manufacturing
Sales & marketing 7.07%
Total 100%
Practical skills 74.90%
Personality 25.10%
Total 100%

By question
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Table 2. Example of the (a) pre-refined and (b) post-refined dataset of interview

. 7|d0| XIS =5tz AZHEXol ditHof isiM ol= 2HE i XIMISH
question_raw.text M',;’ e o Ay SEETE e -
= o Tﬁ—E-lA)!El’Itl'
answer raw.text 7|0l AFES ot WAl A = MAS LSt EfloA XiF
- we= Aol AFHLCE - (M2
. A2 Efelel =& dal= ZHol7| 2o - (MEf - 2HF| 7[Y¥el =22
answer_raw_emotion.text S =Uch
answer_raw_emotion.expression | u-fact
answer_raw_emotion.category neutral
. 7190| AFE2 =Hote A2 A sin= MAS L sto] EfRloA Xz
answer_raw_intent.text slae= xpelo| alaLict
answer_raw_intent.expression m_acct
answer_raw_intent.category technology
(@ MM ™ M2 MY 27 Ho[eHAM
(a) Recruitment interview dataset before refinements
. 7|o| X2 =2t A7 Aol it tHsfAl of= THE x|CiSE XpAM|SH Ao
question_raw.text [:,I;,: A SR - =<
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Z L Ct-answer_emotion: AH&l (neutral)
answer.intent 2) 7|¥o| Xi2E =Hshs WAl A Hij= AS Lalsto] EfeloA Age Wae Ao
: A& ct-answer_intent: | A 2t Zttechnology) 3) -+ (M2H
(b) HHl = 8 MY 2lefF HIo[EA
(b) Recruitment interview dataset after refinements
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Table 3. Pefinition of 5 Key intent elements
Personality X ARte MA == Mtz =olg = U= A2 Ee BHH
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Please analyze the question, answer, and answer breakdown to detect the intent elements that can be identified in the
question and answer by referring to the intent element characteristics. If an element is not included in the five intent
elements, categorize it ‘Other’.

#H##

<<5 Intent Element Traits>>
[Personality characteristic]
[Philosophy characteristic]
[Self-improvement characteristic]
[Insight characteristic]

[Expertise characteristic]

Other (Work Experience, Self-Description, Adaptability, ...(omit))
###

#it#
<<lInterview question and answers with answer breakdown>>
Question: {question information}

Answer: {answer information}

Answer breakdown: {answer breakdown information}

J2l 2 o|F @4 HE ZEZE [xX

Fig. 2. Structure of intent element detection prompt



90 9= 94 7HE EZE 7\ 7FF Al B4 dolE A A~H

r
m
ot
rE
o
k)
i)
o,
(o
ﬂ
o
ol
ol
N
Ho
2
>
el
I~ obo

offt
:?l_’;’
N

o n
oo |
2 oof
i)
o
)
e
fru
ol & o rd
& oro huomx e

&
jalch
(98]
X
i
U
a
N
>
>~
>
ofo
i)
rlr

W — %

£ oo
=
=

N
N
X
X (o
4 oo
- o
oxl
s
N
N
_}#
r.
frtt
e
N
it >

O
L
>
o
i
18
ol
S
ofl
of

E |o

o & oo N

N
fo rim m
N
Ry

ol X

o
18 2
oﬁ‘_ﬂ,

§2
{m g
fr e
lo
Jlm
o
1o
l
Jz rlr

it
&

o yo > df mx
e e

k3
o{l i
R oX

o
wh
+ %
rJ
o
ko i
o0 ym
b o
- “.‘O ﬂ.l{o
Pt
=2 oo
ot
kY

F>
i
il
rfl
T,
lo
1
i)
o>“
o
o
N
oft
2
N
|
rr
&

N
e

oo asfor & F74H<
Agdtt dE o /A AHE
AdA7Y 228 AslE A A5Y Q)
A TR, 283 FAA oA B Al
= o AYAA ALAYL WE&& A

o

BN

Y

s

& o

i
R

[kl
it
o M o A fo

[o

g ol

st F7F 21 s A
ZEQ 7, A&yt A
Al FAAR] A AP Age] HasHA

Me o N e o e o
ot
[

J

x
l

Bl oleld AFe FAZ dAs) Tl FE
EREE AL A g8l 24 F7HT A
E8olu el dig A4E Elske Al o
& wHolA el osish FAEE FHHo=

Bl ok Ak 24 HANT:
olsh gol g% 24 AE HYL Fa A2

o|T
a

FILES} d4dEo] 7|E 2

OpenAl GPT-4-Turbo ZE& 3] =

o} A e AH4E WKt 99
A B

759 ngZE:

w3

|
oAE Agsi, 2do] HA Hw

o AU Basn B -

A )
W g 249 gyl AN ERAoR §
93, ASRH A HolE 687 A9 A
o}
=]

8AE g g5 949 g 7 =24 =
E

<
ox

eil]

wg #7h Aol

m_h

—

%

=

oA
gue] Ha4e v e B9 5 9
HolEE B

30,

ki

S

ol o

rr o
oy

TFollAe 5712 F& 95 24d tgt

=3
=]

o
.

tolg F 5714 F8 95 947 & =g
1,59171¢] tlojElol] tizl AItsts FA Al
g3t

your analysis.

H#it#
[Characteristics of an appropriate answer]

[Characteristics of an inappropriate answer]

* [Expertise essential considerations]
#HH#

###

Question: {question information}

Answer: {answer information}

Answer breakdown: {answer breakdown information}

<<Interview question and answers with answer breakdown>>

Using the characteristics of appropriate and inappropriate responses below, please evaluate the interviewee's interview
demeanor and the quality of their responses as evidenced by the given question and answer information to determine the
appropriateness of the answer. Please circle an O for appropriate and an X for inappropriate. And also include 3-4 lines of

07 3 B HEN BE A ARSEE ZEZEQ of (MEA o 22 HE9| HT)

Fig. 3. Example of a prompt used for assessing answer appropriateness (for detecting the expertise intent element)
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AHEEHE 1,591749 HolHE
S F8 9= &*7} 270 OW
o dolHE 23
AX 2 4
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answer.intent 2.4

Az zgal

_lﬁ O_A_, OIO O{N
m]o ol

T3 1,591
olf] EAl= ot

4T 2 HE Mg oY £/ 2

Table 4. Data distribution by detected Intent elements

Intent detection count Classified data count

2 1,040

3 353

4 141

5 34

6 14

7 3

8 4

9 2

Total 1,591
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Table 5. Data entries by career experience status

Experience status Classified data count
Entry-level 1,331
Experienced 260

Total 1,591
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Table 6. Data entries by age groups

Age group Data count
Under 34 713
35-44 340
45-54 201
55 and over 337
Total 1,591
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Table 7. Prompt accuracy through manual verification
Prompt type Accuracy
Basic prompt 83.33%
Our prompt 87.33%
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Table 8. Answer validity asessment with GPT-4-Turbo:
average likert scale

Score avg
Basic prompt 327
Our prompt 409
Personality 3.96
Philosophy 411
Our prompt Insight 400
Self-improvement 472
Expertise 464
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