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Abstract

Recently, the importance of speaker recognition technology has been highlighted across various digital platforms
and applications. This interest is especially growing in Over The Top(OTT) services, audiobooks, and voice
recognition services. However, existing speaker recognition technologies are primarily focused on the area of voice
recognition, posing a challenge in identifying speakers based solely on text, such as in novels, where no vocal
information is available. To address this issue, this study proposes a speaker recognition technique based on the
Candidate Scoring Network(CSN), utilizing quoted speech and contextual information from novels. Simulation results
show that the system achieved an excellent prediction accuracy of 83.2% on test data. The system developed in this
study is expected to resolve the issues requiring manual data labeling and enhance voice-based speaker recognition
services by automatically identifying speakers in novel texts.
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Table 1. Number of novels utilized by purpose and genre

Category F:;ng;e Romance | Fantasy | Total
Training set 40 15 5 60
Validation set 40 15 5 60

Test set 2 1 0 3
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Fig. 12. Loss of train dataset
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Table 2. Differences between traditional and proposed
methods

2T Ao ol AHHH

Proposed
Category Chen et al[17] method
Number of works for
De : 1 63
training/testing
Automatic labeling X 0
feature
Performance 78.5% 83.2%
(Accuracy)
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