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Abstract

Beacon is a method for deciding indoor presence of user. Especially, deciding user's position or presence is based
on distance between user's device and beacon. The distance is calculated using signal strength that is received by
user's device. However, beacon signal strength is variable in the same position. Therefore, deciding indoor position or
presence of user, that is based on beacon signal strength, has limit. In this paper, we proposes a machine learning
method which learns signal strength pattern to decide indoor presence of user. Our proposed method uses occurrence
frequency of each signal strength as a training data, and configure the machine learning model consisted of
RNN(recurrent neural network) and fully connected neural network. To show that our proposed method is effective to
decide indoor presence of user, we evaluate the deciding accuracy of indoor presence tested in university computer
laboratory. The experimental results show that our proposed method based on machine learning for deciding indoor

position of user is effective.
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