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Development of a Text-based Personal Content Creation System
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Abstract

Due to the development of artificial intelligence and deep learning technologies, voice and facial synthesis
technologies are rapidly evolving with completeness, and applications in various fields are being made using these
technologies. In particular, voice and face synthesis technologies are being consumed for various digital contents such
as augmented reality, games, and education, and are expected to be used more and more in the future. In this paper,
a system for generating text-based personal content using this technology was implemented. It was found that for a
given random sentence, the video is recovered from the voice and video to the user. The voice of the restored video
reflected personal characteristics, and the face synthesis was also able to confirm the smooth output to some extent.
Therefore, the proposed system can be used to create digital content if the characteristics of each individual are well
identified and a data set is created.
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Fig. 1. Personal content generation system
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Fig. 2. Obtaining video and voice data from the speaker
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Fig. 3. Video data and some sentences
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Table 2. Performance results of FO, Energy for speaker 1
and 2

Person 1 Person 2
Sentence Energy Energy
FO(Hz) @B FO(H2) @
1 487 747 734 112
2 52.2 443 436 12.8
3 350 243 63.6 12.8
4 2.2 408 55.1 155
5 424 7.40 530 12.9
6 305 1.9 614 129
7 467 12.8 446 12.1
8 442 8.78 549 135
9 234 5.76 524 12.8
10 61.9 957 51.7 12.6
Avg. 34.53 7.23 50.20 12.94
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and 2

S Person 1 Person 2

entence FO(Hz) FO(Hz)
1 2711 2246
2 21.19 22.16
3 19.23 34.81
4 14.16 4114
5 31.00 42.84
6 12.81 22.37
7 19.97 36.58
8 27.36 32.06
9 16.74 46.36
10 2254 29.77
Avg 18.96 30.08
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Sentence Person 1 Person 2
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8 3.07 262
9 3.56 2.38
10 411 2.32

Avg. 3.59 225
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