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Contribution-based Aggregation Algorithm to Improve Global
Model Performance During Federated Learning
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Abstract

Federated learning is emerging as a solution to the data sharing problem, but in an environment where the data
distribution of clients is unbalanced, there is a problem of client data bias in which certain clients degrade the
performance of the global model. In this paper, in order to solve this global model learning bias, we propose a
method to reduce the impact of low-contribution clients on the global model by measuring the contribution of each
client and weighting the model parameters in proportion to the contribution. As a result of the experiment, a global
model with the same performance was aggregated in the IID situation compared to FedAVG, and a global model
with 1.5% improved accuracy was aggregated in the NON-IID situation, proving that it is an algorithm that maintains
the basic performance of FedAVG and complements only the shortcomings.
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