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Abstract

In this paper, an application for monitoring failure/predictive maintenance of an Al-based production line is
proposed. This application can monitor production and facility status in real time, and used DNN, LSTM GRU,
seq2seq, and Adaboost models for failure and predictive maintenance for each line. As a result of prediction by
model, the failure classification showed 99% accuracy, and in the case of predictive maintenance, Seq2seq had the
highest score of 0.9631, and it was 0.0055 higher than LSTM, 0.0033 higher than GRU, and 0.0046 higher than
Bidirection LSTM. If a worker uses this system, it has the advantage of being able to easily monitor the factory
situation, and can help respond quickly by using this information.
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