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Abstract

Frequency estimation algorithm is one of the important techniques required in various fields such as
communication, signal processing, and biomedical engineering. Recently, an adaptive notch filter-based frequency
estimation algorithm has been proposed, which achieves a higher estimation performance with a smaller computational
burden compared to the discrete Fourier transform-based algorithms. In this paper, we propose an adaptive notch filter
algorithm that can robustly estimate multiple frequencies under impulsive noise environments. The proposed algorithm
models the input signal as a multiple frequency input signal and designs the algorithm structure using a single
frequency estimation algorithm based on the maximum correntropy criterion to ensure robust operation with impulsive
noise. The proposed algorithm has excellent performance in both multiple frequency inputs and impulsive noise
environments, and to verify this, we compare the frequency estimation performance with existing algorithms.
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