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Abstract

Data learning is a key element of machine learning used to derive optimized results without additional artificial
manipulation. In particular, as the size of the data becomes incomparable to the past, the amount of data that can be
used for learning is also increasing. Graph Neural Network(GNN), which graphically represents data for effective
learning of vast amounts of data, is effective in adding and removing relationships between data without separate
table management by generating relationships for data nodes called graphs. However, basically, data poses a risk of
integrity corruption, especially in the case of data used as learning data, mislearning of learning models due to data
forgery can cause new problems. To enhance integrity, this paper proposes a data management mechanism that
pretreats graph data to generate data structures containing relationships between node data and node data, and
manages learning data in block networks.
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