’m Check for updates

Journal of KIIT. Vol. 21, No. 6, pp. 93-100, Jun. 30, 2023. pISSN 1598-8619, eISSN 2093-7571 93
http://dx.dot.org/10.14801/kiit.2023.21.6.93

2Awd 7)o 47 oME A%

Sound Event Detection based on Segmental Models
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Abstract

Segmental models compute likelihood scores in segment units instead of frame units to recognize sequence data.
Motivated by the fact that they have shown some promising effects in speech recognition and natural language
processing, we used segmental models for sound event detection in this paper. We modified the log-mel filterbank to
make it suitable for the segmental models by using an encoding module based on deep neural networks. Since
various lengths and types of sounds of segments should be considered, the segmental models have the drawback of
high cost in computation. To solve this problem, we use a segment scoring function with less computation amount.
We used a marginal log loss as the loss function to train the segment model without having to rely on strong labels.
From the experimental results using DCASE Challenge 2018 audio data, we could obtain better F-score compared to

the conventional methods.
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Fig. 1. Feature extraction process of audio signal
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