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Abstract

In this study, we aim to compare the performance of various combinations of genetic algorithm(GA) and ant
colony optimization(ACO) which are two representative heuristic algorithms for multi-robot coverage path planning
(MCPP). First off, we analyze the individual characteristics of ACO and GA in terms of environments, the number
of nodes, the quality of the generated paths, and execution time. We construct four combinations of ACO and GA
for MCPP and perform them in several environments. Subsequently, we compare and analyze them accroding to the
convergence time and path cost of each combination. In the future, we plan to propose an MCPP structure that is
most suitable for a given environment based on these analysis results.
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