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Abstract

Recent wildfires are direct results of global warming. Most of the existing wildfire prevention has mostly focused
on flame detection. However, it does not provide rapid response. In this paper, we develop deep learning-based
"smoke" detection on CCTV for quick reaction. we also analyze real-time multi-channel images to monitor a wide
area. The system has an accuracy of smoke recognition over 93% for mAP and can analyze 50-channel images
simultaneously. A dashboard S/W and emergency alarm system(SMS) was developed for managers to monitor forest
fire smoke in real time. Providing real-time information can reduce the loss of life and property from wildfires and
enhance protection of critical facilities. we plan to develop a emergency alarm system(mobile app) in the future. As

a result, it is expected that forest fire damage will be minimized by checking the forest fire situation in real time.
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Table 2. Result of test with images for forest fire
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