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A Development of Deep Learning-based Analysis of Behavior
for Child Safety Indoors
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Abstract

The number of safety accidents involving children is steadily increasing. In particular, safety accidents at
educational facilities and play facilities occur frequently. A lot of efforts have been made for a long time, but the
accident rate is still not reduced. In this paper, we propose a system for preventing various children's accidents
through multiple image processing, re-identification, and deep learning-based child behavior analysis technology. The
accuracy of abnormal behavior recognition was over 80% for mAP. a service platform UI/UX based on child
behavior analysis with re-identification technology was developed. we plan to develop a child emergency alarm
system(mobile app) in the future. As a result, it will be possible to provide an integrated service that allows daycare
center and amusement facility managers to prevent child accidents in advance.
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