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Abstract

With the explosively increasing interest in US stock, entering the market is on vogue. However, beginners who
have little knowledge are having trouble searching related information. Therefore, a easy system for searching US
stock market information is indeed necessary, but there are few researches dealing with these trouble. This paper
proposes a new text interface that can conveniently look up US stock information. In addition, the proposed interface
includes a BERT model and a Random Forest ensemble model to process natural language queries and shows stock
information in an easy way written in Korean. We believe that this interface can help beginners with no knowledge

in US stock market and struggling to search for related information.
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Table 1. Applicable series of question

Detailed query category
Stock profile
Stock investigation
Stock comparison
ETF ETF stock investigation
Dividend Dividend investigation
Market Market investigation

Query category

Stock
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Table 2. Applicable series of question in presentation of
stock profiling

Type Korean query Indicators
Price ofiZ2el 2= 7t |Closing price, highest
okai | price of the year

Volume [El&2le Hellzk =i,

V2 o B[AtRIX]|
2.
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Company Company information
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182.04

Ol= aepLel 13 = ZDOM2CH -24.38% 'HE F2HLICH
2 Hizatel Held 2o
TSLA 9] @5 HNEZ CHE ZELICh

1578142

S22 W= M SRR 2R

MM = CONGLOMERATES 2| SIE{M|A INDUSTRIALS & 2'E &t
2 ELIcH

w2 3 e CHE Ot ZhsLICt
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Fig. 4. Stock profile query result
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Table 3. Applicable question in profiling stock

Type Query Indicators

o= PER, price change, company
Investigation | &=2 value, operating NET value,
volume, recommendation

TERMINAL
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Date
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2022-85-02 11:09:48 Rosenblatt Neutral main
2022-85-19 12:@8:22 B of A Securities Buy main
2022-26-14 11:09:59 Deutsche Bank Buy main
2022-26-15 10:41:35 Morgan Stanley Overweight main
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Fig. 5. Stock profiling query result
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Table 4. Applicable question in comparing stocks

Type Query Indicators

Bl£2t2t 72 | PER, price change, Company
o o™ value, operating NET value,

Z22 AMyl? volume, recommendation

Compare
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Fig. 6. Stock comparison query result
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Table 5. Applicable question in profiling ETF stocks

Type Query Indicators

T22 278 ETF S0lM | ETF stocks,
ETF 7t40| =2 =22 233 | dosing price

Investiagation| gy 227t mat=l 2zjzko] | ETF stocks,
volume
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Fig. 7. ETF profile query result
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Fig. 8. Market investigation query result
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