'i) Check for updates

Journal of KIIT. Vol. 20, No. 7, pp. 11-17, Jul. 31, 2022. pISSN 1598-8619, eISSN 2093-7571 11
http://dx.doi.org/10.14801/kiit.2022.20.7.11

F 8 AR IS S solnes w9

i
l.l
o

Hybrid Passage Retrieval Combing Neural and Symbolic
Methods

Yongjin Bae*, Kong-Joo Lee**

o] =& 20229E A %(ﬂ@ﬂ%zgﬁ% Aol APz FREANZ GG YL wol F3E ATY (No.
2013-2-00131, (AAHHA-FZ/14F) Fi A7} AMu2E 93 25788 WiseQA ZHE 7€ /)

FE AMe AEY Ao njamfd EAZ sdse o] Joy, A3 B4 AdEy gt s
AEY A F&o] Fof 7 WHE] WiEo AFHI itk B =FAEs d=o] HAE A F
AM RS 539, FE-AE8Y solHgs AME At stojHE AMA ALHE AHe H HE
71k AlEY 2t wE ek dojrd 7k It E AT 7E A WHo O fARE AME de A
AE 5 AL 9HE At FE-ue 2 A3 HSFE Adsi 48 Ay 7Y ZM W giEl 919
ol @ w2~ EA ZUMdA BR@Toplol 635%, 441% Zt7 A%o] a4, BR@TopS0olA s
1.00%, 0.73% “35°] Ak

Abstract

Neural retrieval has the advantage of resolving the mismatch problem of symbolic retrieval, but the efficiency of
symbolic retrieval is still high in a specific question and paragraph environment, so both methodologies are being
studied in parallel. In this paper, we proposed a hybrid retrieval that integrates the two search methods in the Korean
text. The features used in the hybrid search are a term frequency-based symbolic feature vector and a neural feature
vector represented by language model based encoder. We calculated the relevance score of the question-passage by
combining the two feature vectors. As a result of the experiment, the BR@Topl improved by 6.35% and 4.41%
compared to the single retrieval method in the wikipedia and office document collections, and also improved 1.00%
and 0.73% via BR@Top50.
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Table 2. Performance of retrieval via BR@TopN measure
in wikipedia collection

BR@TopN Symbolic Negral Hy.brid
retrieval retrieval retrieval

Top1 64.85% 56.00% 71.20%
Topb 84.75% 81.50% 89.35%
Top10 90.00% 88.10% 9.65%
Top30 93.40% 93.45% 95.75%
Top50 94.85% 95.60% 96.60%
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Table 3. Performance of retrieval via BR@TopN measure
in office document collection

BR@TopN Symbollc Neg ral Hy.bnd
retrieval retrieval retrieval

Top1 67.48% 63.07% 71.53%
Top5 80.42% 87.22% 88.73%

Top10 86.40% 93.35% 93.90%
Top30 92.78% 96.55% 98.16%
Top50 95.71% 97.73% 98.46%
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