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Deep Learning-based Recommendation System
using User Purchase History
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Abstract

Recently, there has been an increase in studies related to recommendation systems in various fields such as video
on demand (VOD), Internet protocol television (IPTV), and e-commerce. Also, various methods (e.g., collaborator
filter, support vector machine, and k-means clustering) have been applied to the recommendation systems. In this
paper, we proposed a deep neural network-based recommendation system for generating various recommendation
results with purchase history. We performed experiments to show the effectiveness of the proposed system using
industrial data. The experimental results show that the deep learning-based system can generate recommendation

results with various points of view.
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User and product feature

Type of feature

Describe

Amount of menstruation

Very little, Few, Moderately, Many, Very many

Menstrual smell

Very weak, weak, Moderately, Strong, Very strong,

Country of manufacture

User Menstrual pain No pain, Slightly painful, Moderately, Painful, Very painful
feature Outdoor activity Running, Weigh trainning Dancing, Ride a bike, Yoga
. Watching TV, Reading a book, Watching video clip, Caring for children,
Indoor activity .
Phone calls to friends, Study
Type General type, disposable sanitary PAD, applicator, disposable liner

Topsheet type Organic cotton, Regenerated fiber, Cotton texture, Silk texture
Product Absorbent core type Naturgl absorbent, High polymer absorbent, Absorbers other than nature,
feature Organic absorbent

South Korea, China, Finland, Italy, Slovenian, Denmark

Price

More than 0 ~ Less then 2500, More than 2500 ~ Less than 3000, More
than 3000 ~ Less than 5500, More than 5500
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Table 2. Result of personalized recommendation

The result of personalized recommendation

Input value \

Input value \ Topsheet type - Regenerated fiber Type - digital
(D Topsheet Type - Menstrual smell @ Type - Amount of Menstruation
. Very weak . Very little
e Weak T Few
Moderately Moderately
W Strong - Many
Very strong Very Many
17.8% 25.0%
0.0% ! 26% 0.0% 0.02%
Type - normal,
Input value Type - normal Input value i
Absorbent core type - High polymer

® Type - Menstrual smell

B Very weak

e Weak
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