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Pix2pix-based Water Drop Removal Learning using Virtual Data
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Abstract

In this paper, we propose a system that efficiently removes pictures with water droplets on the camera lens using
deep learning techniques. We propose a method to effectively obtain a water droplet removal image through the
Pix2pix Generative Adversarial Networks(GAN) model, which can understand the characteristics of the two images in
terms of newly forming images of different domains. In addition, by applying the fake water droplet data formed by
applying the fake water droplet data to the Convolution Neural Network(CNN), paying attention to the fact that a lot
of training data is required for image learning, as well as unnecessary noise or water droplet pictures cannot be
obtained accurately due to the nature of model learning. We propose a method to efficiently secure data by

effectively classifying the formed photos.
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Fig. 1. Image of water droplet input and removal result
using cycleGAN, (a) Water droplet image, (b) cycleGAN
water droplet removal result
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