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Content based Image Retrieval Method that Combining CNN
based Image Features and Object Recognition Information
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Abstract

Contents-based image retrieval (CBIR) method is to find an similar image to the query image among the image
database. Recently, the methods extracting the image features using a deep neural network such as the Convolution
Neural Network (CNN) have been proposed. These methods can retrieve similar images by comparing the global deep
features of images, but it is difficult to retrieval images using specific object information in the image. In this paper,
we proposes a new image feature extraction method that combines the CNN based image features and recognized
objects’ information. In addition, a new similarity metric combining RBF(Radial Basis Function) and Jaccard Distance
for the proposed image feature extraction method. In order to show the superiority of the proposed method, we
perform experiments comparing the proposed method and the CNN based CBIR method. Through the experiments, it
is shown that the accuracy of the proposed method is more than twice as much as CNN based CBIR method.
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Fig. 3. Results for image queries (Red Circle : non-match, Blue circle : match)
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