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Abstract

Natural language question answer system requires the high search recall of the passage and the high precision of
machine reading comprehension to extract the answer. Recent studies have focused on extracting the correct answer
based on the large-scale language model, but the performance of searching for the correct answer passage should be
satisfied primarily. In this paper, we propose a traditional retrieval system considering contextual information of deep
learning. The importance of a word was inferred by considering the context of paragraph, and the word importance
was indexed by converting it into a frequency. The word importance inference model extends the limited training
targets of previous study including not only exact word matching but also synonym words of the question. As a
result of the experiment, the average MRR improved by 2.02% and 0.36% compared to previous study in the

common sense and legal domains, and also improved 1.34% and 0.9% via BR@Topl.
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