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A Feasihility Study on Deep Learning—based Automatic Extinguishing
Bullet Dropping Point Recommendation for Wildfire Suppression
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Abstract

For suppression of wildfire, unmanned aerial vehicles (UAVs) have paid attention. Individual UAV for the fire
suppression is generally controlled by human; however, it is difficult to utilize it for the environment including loss
of communications as well as requiring large human resources for controlling multiple UAVs. This study aims at
developing an automatic estimation system of release point for overcoming the operation problems of UAV in
wildfire. For the automatic detection and localization of wildfire, semantic segmentation, which is one of the deep
learning techniques, is used; the recommendation algorithm of the release point is proposed using the locailization
information. After conducting the machine learning, the accuracy on the proposed release point was estimated over
90%, which agrees well with the location proposal of human. It is expected that the algorithm proposed in this study
can be utilized for developing fully-automatic system of fire suppression with UAV.
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drone, forest fire, semantic segmentation, UAV, automatic estimation of release point, deep learning
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