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Pest Prediction and Prevention Model Visualization using Farm
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Abstract

With the recent creation of a new agricultural environment and changes in weather conditions, the need to predict
and prevent pests has increased and many studies are being conducted. However, previous studies do not provide
information intuitively and difficult to search for information on the user’s farm due to the wide range of pest
prediction. For this reason, this study proposes a web visualization method of a pest prediction and prevention model
based on farm-map data, which is an electronic map of agricultural land, so that users can easily search and
consume information on the farm. This study utilized a pest prediction machine-learning model based on various
public bigdata. It aims to visualize the disease and pest prediction and prevention model based on IPM(Integrated
Pest Management) for ecological smart farm by providing information on appropriate methods to all other adjacent
farms as well as the farm of the user.
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Structured Data Collecting and refining data to
generate structured Information.

Definition of Data

Defining and visualizing the
characteristics of big data.

Generation of Designing UX to interact between
Visualization Results information and users.

3% 1. giolole ME AlzE Z2MA
Fig. 1. Visualization process of bigdata information

Visualization Attributes

22 HallZ 2 olole o] AlZtst Al

A= A ?ﬁd% 71E9 BajFdS

=S AHEJTR4]. HA, F7ERE
Hééﬁ%ﬁ&ﬁl*lé (NCPMS)Oﬂ/H A Bz
A YA HA2E(GIS) S 7]Hoz
Q % A d3s el AHE £

| oz %% AR 2 Qe 7)=Q

li ZLL [47 } %%Eﬂ, o /\l

317 01%3 gl
4ol ot F AR
A At YA ol
olof Wil Hwi[6]& AX 7HA
g AFEz 9o AERg Fae o AR
E AT F Utk oo B AFe ¥ %E% Az}
of 7|¥k 222 83l V& AL
Hekst Hoke A xl°Po}a’i°rtl E}#

_[\I
"
o
o
X

W% A2 A0 AZS A% A4
= 1) —;ﬂo Z, olgAe] Wil o] BolH
o B} Bl olgA7t AY Fl2E A%Y 37
5502 4k Aol oheh A%
Fo| U Ansh Zslolol
G 543 A28 Jaz 7

@5} aLzﬂtﬂoﬂ rﬂ AH7} AFEH oo gt o7

rlr

[¢)

o1 gAtel FAWE ohlet APFAIAE A
Vs B 9 PANE e Folo} Bk

oo X
_l“,

E 1 7IE ARe Mk 27 Ehe HAl

Table 1. Limitation of previous studies cases and
suggestion of improvement plans

No Limitations Improvement Directions
Visualization of all farms| If the user’s unique number
regardless of their of farm-map is entered, the
own area due to large data is output and visualized
scope of forecasting. |for the farms around it.
Visualization by users | Visualize the probability of

2 | directly assigning crop | pest prediction and pest data
and pest data. on user's farm-map together.
Not serviced with Provides information on pest
3 | appropriate method for| prediction and appropriate
prevention. methods for control.
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Fig. 3. An example of farm—map visualization process (Jangsu—-gun, Jeollabuk—do)
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