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Prediction of New Drug-Side Effect Relation using Word2Vec
Model-based Word Similarity
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Abstract

Side effects of drugs pose a risk to people's health, and in severe cases can lead to death. Because of these risks,
it is very important to identify unknown side effects of drugs. In this study, we propose ways to predict new side
effects of drugs in addition to the side effects which have been previously known using text mining. Using the
Word2Vec model which is one of word embedding models, drugs and side effects mentioned in biological literature
are mapped to vectors, and similarities of drug pairs and similarities of side effect pairs are being calculate using
these vectors. Using these similarities, we calculate relationship scores for all drugs and all side effects which could
be mapped to vectors. Higher score of this relationship predicts that the drug-side effect pair is actually related.
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