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A Study on the Music Recommendation based on User Playlist
using Data Embedding
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Abstract

Recently, the online recommendation system, which is attracting attention, analyzes many variables such as user
behavior pattern, item characteristics, and additional variables to recommend items that users want. In this paper, we
propose a new method to recommend each item through data embedding and clustering using various catalog formats
in the Melon music data set. The proposed method of recommending music based on user playlist using data
embedding is used for learning by converting information about songs such as tags, genres, detailed genres, and
singer names into a sentence form combined a list of words. The comparison performance evaluation and Item2Vec
method of the proposed method are performed based on the similarity of embedded songs by embedding songs in
multidimensional vector space through SGNS. As a result, the proposed method improved the recommended
performance with an average nDCG 0.2996, compared to the average nDCG 0.1850 of Item2Vec.
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Table 1. Properties of Melon playlist metadata

Field Name Description
id Playlist 1D
plylst_title Playlist title
tags Tag list
songs Song list
like_cnt Number of likes
Upat_date Update date
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Table 2. Properties of Melon song metadata

Field Name Description
_id Song ID
album_id Aloum 1D
artist_id_basket Artist ID list
artist_name_basket Artist list
song_name Song name
song_gn_gnr_basket Song genre list
song_gn_dtl_gnr_basket Song detail genre list
issue_date Issue date
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Table 3. Hyper-parameter value of SGNS model

Hyper-parameter name Value
epochs 20
embedding_size 30
batch_size 128
learning_rate 05
num_negatives 100
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Table 4. Average value of song recommendation nDCG

Model nDCG average
Proposed model 0.29968002553107655
[tem2Vec model 0.185066770793302
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