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A Study on Improvement of Human Sensing System Reliability
Using Thermal Image
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Abstract

The existing system using the human body detection has the problem of detecting photographs and models as the
human body. It is expected that the accuracy and stability will be improved by improving the reliability of the
system if human and model can be excluded from the sensing object by using the thermal image. In this paper, we
propose a surveillance system that solves the problem of degrading the reliability of the system with unnecessary data
by detecting all the pictures and models with the human body using a thermal imaging camera. By comparing the
results of the human body detection measurements using general cameras, infrared cameras and proposed thermal
imaging cameras, it was confirmed that the surveillance system using thermal imaging cameras was about 98%
reliable than other cameras. The storage capacity also takes about 66.6% less than the infrared camera, which

increases the storage efficiency.
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Table 1. Experiment environment

Measured value

Area 32 x 86m = 27.5m?

Date and time 2019.08.22. 21:00~23:00

Human: 31.6°~32.5°, wall: 29.1°,
Tempe Human Ground: 29.4°

rature | Picture | Picture: 29.5°, wall: 29.4°, Ground: 29.4°
model | model: 30°, wall: 29.8°, Ground: 29.7°
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Table 2. CCD camera detection result
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Table 3. IR camera detection result

Human _Picture Model
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Night i i W i '

99.67% 100% 50%
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Table 4. Thermal camera detection result
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