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Abstract

In this paper, we propose how to automatically categorize and generate examples of given intents using Text-CNN
in order to increase the inference rate of the existing chatbot framework. The Intent Classification System uses
Text-CNN to learn data consisting of word vectors and position vectors for each prepared sentence through the
preprocessing process. The proposed Text-CNN structure has a construction layer, a max pooling layer, and a fully
connected soft max layer as its output. In addition, dropout is applied to perform regularization.

For the experiment, a total of 9,000 sentences were collected using webscraping. An experiment showed that the
accuracy obtained from Text-CNN's learning of kitchen intents was about 94%. The rest of the sentences, not labeled

with the model produced by Text-CNN, were grouped and 63 cases of cooking were extracted in total and the
sentences were input in Chatbot.
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Fig. 4. Preprocessing — morpheme analysis and word embedding
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Fig. 6. Text-CNN architecture used in the proposed
method [9], (a) Input, (b) Convolution, (c) Mapping,

(d), (e) Fully connected
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