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Abstract

Social network service users actively express and share their feelings about social issues and content of interest
through postings. As a result, the sharing of emotions among individuals and community members in social network
is spreading rapidly. Therefore, resulting in active research of emotion analysis on posting of users. However, There
is insufficient research on emotion analysis for postings containing various emotions. In this paper, we propose a
method that analyzes the emotions of an Instagram posts using hashtags and images. This method extracts
representative emotion from user posts containing multiple emotions with 66.4% accuracy and 81.7% recall, which

improves the emotion classification performance compared to the previous method.
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Table 1. Emotion vocabularies extracted from hashtags
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Emotions Hashtag emotion vocabulary list
#ell = #el=all #=otRL #E = AETH)
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wPl(happy Possible) i Hl(happy 3)
LPz(sad Unlikely) 'Hz(sad 2)
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Emotions | Happy | Angry | Sad |Peaceful
Methods (400) (400) | (4000 | (400)
Objects 25 116 63 0
People 27 102 52 1
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Fig. 3. Emotions extraction results using multiple
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Emotions| Happy | Angry | Sad [Peaceful Resuls
Methods (200) | (200) | (200) | (200)
, | Number | 135/192| 2/176 | 49/179 | 145/167|331/714
3 |Precision| 722 | 400 | 490 | 357 | 492
5" [ Recall | 703 | 1.1 | 274 | 868 | 464
3 | [Numoer | 58 | 024 | 621 | 26/33 | 3786
£ |Precision| 556 | 00 | 500 | 518 | 304
®| Recall | 714 | 00 | 625 | 519 | 425
| Number | 192/192 1761176 | 179/179 167/167|714/714
3 |Precision| 100.0 | 100.0 | 100.0 | 100.0 | 100.0
g“’ Recall | 1000 | 100.0 | 1000 | 1000 | 1000
2 |z [Number| 08 | 024 | 021 | 033 | 0/86
S |Precision| 00 | 00 | 00 | 00 | 00
® | Recal | 00 | 00 | 00 | 00 | 00
o, | Number |161/192| /176 | 90/179 | 146/167|402/714
E |2 |Precision| 6.1 | 1000 | 873 | 364 | 7745
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Table 4. Performance results of the proposed model for
posts including images and hashtags

Emotions |Happy | Angry | Sad |Peaceful
Methods (160) | (10) | @7) | (99)
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Recall 889 | 00 | 222 | 875
Proposed| Oblects+| Single [69/150] 49 | 4/20 | 5/75
model | People | Multiple| 1517 | 01 | 4/7 | 4/20
(Images + Precision 879 | 57 | 136 | 333
Hashtags)| ™ Regal 503 | 400 | 296 | 95
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