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A Study on Initial Service Recommendation of Call Center IVR
Using Similarity Analysis
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Abstract

Interactive Voice Response (IVR) is a key channel in a call center where customers can self-service themselves
without having to connect with an agent. However, due to the characteristics of the IVR's touch-tone user interface,
customers always find it difficult and inconvenient to use. so, this paper proposes an IVR initial menu
recommendation system to provide personalized and optimized initial service menus. The proposed system clusters
customers' IVR usage patterns using similarity analysis techniques, and recommends services recently used by users in
the cluster based on existing usage patterns when a customer's call is placed to the IVR. The actual call center IVR
usage data confirm that the proposed system achieves a 12.8% improvement in the hit rate compared to the previous
frequency based recommendation.
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Table 2. Accuracy results based on recommendations

Recomm. Existing ) Euclidean Existing—Euclidean | Pearson Correlation | Existing—Pearson
Dale | gount | TeCOmMendalon |y ance(%) | Diference (%) |  Coeffents) | Diferences
oun Method(%%) istance(%. ifference (% oefficient(% ifference(%
Day1 1375 5423 50.28 93 60.4 114
Day?2 1424 54.09 59.66 10.29 59.18 94
Day3 1408 53.31 60.53 13.54 60.37 13.2
Day4 2514 52.32 59.76 14.22 59.1 13.0
Dayb 1636 53.06 62.15 17.12 61.24 154
Average 53.40 60.27 12.88 60.06 12.5
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