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Abstract

Recently, the use of spatial data has been increasing rapidly due to the increased use of location and map, and
techniques for extracting knowledge from spatial data have been actively studied. Just as clustering plays an important
role in big data and data mining technologies, finding spatial clusters is important for extracting knowledge in the
field of spatial data. The performance of the spatial data processing is particularly emphasized because the spatial
data is a large amount of data and requires processing of not only points but also complex and variable length lines
and polygons. In this paper, I propose a method to improve spatial data clustering efficiently by using GPGPU. I use
a method to improve the performance by processing the spatial data in parallel by utilizing multiple GPGPU cores.
In order to measure the improved performance of the proposed method, an actual spatial data set is constructed and

a comparative experiment is performed.
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Fig. 1. Data structure for the parallel clustering of spatial data
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Table 2. Experimental results (time, ms)
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Fig. 4. Results of performance experiments

Grid Cells West-1 West—4 West-7 West-11 West-17
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