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Research of Decision Tree Based Blob Occlusion Solution
Method Using Time Series Feature
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Abstract

Object tracking, which is the core technology of intelligent video surveillance system, is a technique to observe
spatial and temporal changes of objects in video sequence. Correct object detection is indispensable in object
detection stage. However, in the object detection stage, blob occlusion problem, in which many foreground blobs are
combined and detected as one blob, often occurs. In this paper, we propose a decision tree based blob occlusion
solution algorithm using time series feature of blob. After extracting the time series feature of blob based on two
consecutive image frames, it learns by C4.5 algorithm and creates decision tree that can classify occlusion state of
blob. extracts the correct center point of the blob for the blobs classified in the occlusion state, thereby contributing

to the improvement of the performance of the object tracking technique.
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Fig. 2. Input blob example in successive image frames
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Table 1. Experimental data sets
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