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Improved Forecasting Algorithm for Vessel Engine Failure
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Abstract

Due to the automation and speeding up of large vessels, the vessel's operation schedule has been increased, and as
a result, the docking time has become shorter, resulting in a shortage of maintenance time. This increases the
probability of vessel failure. Vessel failure at a ocean causes serious consequences in many respects, so techniques
that can predict the failure is necessary. A system to predict vessel failure using linear regression in real time has
been suggested in previous paper. In this paper, we propose techniques for data-cleansing, automatic prediction
interval setting, spline linear regression, sliding window, and for showing user-oriented time series graph to improve
the accuracy of error detection. Results obtained by simulation using the real data and the failure report generated by
a vessel, which belongs to H marine company, prove that the improved algorithm is more effective in predicting
engine failure in advance compared to the methods used in previous paper.
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Fig. 1. Failure forecasting algorithm model
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Table 1. Failure forecasting algorithm
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